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Table 1. Mean average feature values for each of the six user clusters. Green/dark = high values, yellow/light = low values

Meta-cluster Name Long Medium Short
Cluster #0 #1 #4 #3 #5 #2
Number of Users 1178 1283 2240 1167 5645 10555
Feature
Time Long time on SERP Short time on SERP
TrailTime 617.56 342.74 102.83 186.90 55.89 17.51
Many R clicks Few R clicks
Hyperlink ResultClickCount 1.1 1.23 1.17 0.95 0.99 0.88
Many NH clicks Few NH clicks
NonHyperlink ClickCount 0.91 0.92 0.81 0.66 0.58 0.32
Clicks Late first R click Early first R click
TimeToFirstResultClick 95.09 325.54 90.91 31.56 38.58 13.52
Less abandons | More abandons
NoClick 0.13 0.12 0.11 0.15 0.14 0.14
Re-Query ' More search box Less search box
ClickInSearchBox 0.10 0.08 0.07 0.09 0.06 0.04
Scrolling More scrolling Less scrolling
Scroll 0.19 0.21 0.20 0.16 0.14 0.09
More howver results Less hover results
FractionTopTenHovered 0.30 0.31 0.30 0.28 0.26 0.22
Slow mouse movements Fast mouse mowe
TrailSpeed 119.07 116.73 127.58 152.52 159.69 230.59
Cursor Short mouse movements Long mouse mowve
MedianMouseMovementDistance 76.91 75.85 77.42 84.05 85.61 90.86
More reading w/ mouse Less reading w/ mouse
Reading 0.06 0.06 0.06 0.06 0.05 0.03
More cursor idle Less cursor idle
Cursor ldle 54.59 39.85 8.42 18.79 5.36 2.10
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Figure 2. Marginal means for user and task interactions for several features of interest.
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Table 3.Mean average feature values for eachon-navigational user cluster.Green/dark = high values yellow/light = low values.

Cluster Exhaustive-Passive Exhaustive-Active Economic
Number of Users 232 408 1905
Feature
Long time on SERP Short time on SERP
Time
TrailTime 446.00 156.14 28.03
Many R clicks Few R clicks
HyperinkRes ultClick Count 1.10 1.30 0.85
Many NH clicks Few NH clicks
NonHyperlink ClickCount 0.70 0.85 0.40
Clicks Late first R click Early first R click
TimeToFirstResultClick 88.74 144.56 21.05
Less abandons More abandons
NoClick 0.17 0.13 0.20
More search box Less search box
Re-Query
ClickInSearchBox 0.08 0.06 0.04
More scrolls Less scrolls
Scrolling
Scroll 0.19 0.21 0.13
More hover results Less hower results
FractionTopTenHovered 0.28 0.29 0.22
Slow mouse move Fast mouse mowe
TrailSpeed 130.70 118.31 209.11
Short mouse mowe Long mouse move
Cursor
MedianMouseMovementDistance 83.75 80.34 94.79
More reading w/ mouse Less reading w/ mouse
Reading 0.05 0.05 0.04
More cursor idle Less cursor idle
Cursor Idle 34.40 9.68 221
Dominant user cluster (% queries from user cluster, meta-cluster) #0 (30.7%, Lots) #4 (55.7%, Medium) #2 (67.8%, Little)
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